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S Con car FOra Cih e g Permafrost-affected soils store large amounts of soil organic carbon (SOC). Mapping of this SOC provides a first order spatial

G'L 2015. Comparing carbon storage of .Siberian. tundra ar.'d 4 iInput variable for research that relates carbon stored in permafrost regions to carbon cycle dynamics. High-resolution satellite
taiga permafrost ecosystems at very high spatial resolution: imagery is becoming increasingly available even in circum-polar regions. The presented research highlights findings of high-
Ecosystem carbon in taiga and tundra. JGR Biogeosciences. resolution mapping efforts of SOC from five study areas in the northern circum-polar permafrost region.
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Key Findings

High-resolution remote sensing (2 x 2 m) delivers new detail.
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Geomorphological units explain SOC variability best.
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