Should we use seasonal meteorological ensemble forecasts for hydrological forecasting?
A case study for Nordic watersheds 1n (Canada.
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S ey - 3 - Performance of SWE forecasts
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i « A simple method such as linear scaling leads to good results for
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DSP and ESP have similar overall behavior. This is particularly true
for lead-times longer than one month. They both outperform sim-
HSP for all watersheds and for almost all lead-times.
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