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Motivation Results Q1: How well do the hydrologic landscapes distinguish between different flow regimes?
: : : We are using hydrologic signatures as a proxy for hydrologic behavior and flow regime.
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.3, eriﬁirl;onii:sflsountqins Figure 2: Spatial Variability of Baseflow Index within the Hydrologic Landscapes Figure 3: Mean Signature Values within the Hydrologic Landscapes Figure 4: Number of significantly different signatures (RR, BFI, VI) between Hydrologic Landscapes
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* The basis for this analysis is the perceptual model landscapes presented in Figure Aridity Index ; The correlation analysis (Figure 5) suggests that relevant drivers vary strongly in space and time:
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What processes are crucial or what signatures could be better proxies?
* How does the process scale affect the outcomes of this analysis and how should it be accounted for? > Random Forest
 What s the relationship between drivers and how does it vary in space and time? > Causal Analysis
* How can we transfer the gained knowledge effectively into models? *  Evaluation procedure
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