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Figure 1. Results of the synthetic landscape evolution model. (a-d) Erosion rates at different time-steps throughout the model run. Note Figure 3: (9) Misfit space when attempting to fit mean concentrations for different n, K. (b) Nuclide concentration distributions for different n, K
that there is a single outlet in the lower left corner of the model grid. (e-h) KDEs of modelled erosion rates (orange), and '°Be concentrations. combinations for a catchment in steady state. (c) Same as (b), but for a catchment with a knickpoint. Note that mean values in (b) and (c) stay ure 3 b)

(Weighted) means are highlighted with circle markers. constant, but the distribution shape changes in (c).

* We know these concentrations represent topography + denudation rate
(Figure 3c), and we already know the topography!

* Measure channel steepness indices and vary n and K, create synthetic
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